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uuutwo modes |x,, ... x; ... X,
Xi1 X ¢ Xip
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wuu one mode| 0
d(2,1) 0
d(3,1) d(3,2 0

d(n,1) d(n,2) 0
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1 0 sum

a b a+b

c d c+d
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Name|Gender Fever| Cough| Test-1 | Test-2 | Test-3 | Test-4

Jack | M Y N P N N N
Mary |F Y N P N P N
Jm |M Y P N N N N
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Test-2, Test-3, Test-4
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Symmetric boolean variable, Asymmetric boolean
variable, Nominal variable, Ordinal variable

a ¢ ! o o Y A o
1uﬂ153&ﬂ31$ﬁﬂ151ﬂ1&’ﬂqu !511%@]'J'JﬂiZﬂgiquﬁ\uﬂﬂi]’]ﬂﬂ’]iﬂl%ﬂ']ﬂf]\iu']

v
o 9

winguiuszezveImsiadeyaniamsiia

& ax VA a ¢ A . ) Q&
ﬂlu@mu’mmﬂmzﬂquﬂﬂmi’Jmime’eJLLmLLfJﬂ"llﬂuua@aﬂl,ﬂumu g

Tasldszazndmuali

24/07/06 wnand 22

ONA1501994 o

D. Pyle. Data Preparation for Data Mining. Morgaaufmann, 1999.

Y. Wand and R. Wang. Anchoring data quality dimensiontological
foundations. Communications of ACM, 39:86-95, 1996.

R. Wang, V. Storey, and C. Firth. A framework foré/sis of data quality
research. IEEE Trans. Knowledge and Data Engingeri$23-640, 1995.

R. Agrawal, J. Gehrke, D. Gunopulos, and P. Ragha&atomatic subspace
clustering of high dimensional data for data mirépgplications. SIGMOD'98
M. R. Anderberg. Cluster Analysis for Applicatiodsecademic Press, 1973.
M. Ankerst, M. Breunig, H.-P. Kriegel, and J. Sand®ptics: Ordering points
to identify the clustering structure, SIGMOD’99.

P. Arabie, L. J. Hubert, and G. De Soete. Clusgeaind Classification. World
Scietific, 1996

24/07/06 wasng 23

ONATH190Y o

M. Ester, H.-P. Kriegel, and X. Xu. Knowledge digeoy in large spatial databases:
Focusing techniques for efficient class identificat SSD'95.

D. Gibson, J. Kleinberg, and P. Raghavan. Clugjerategorical data: An approach
based on dynamic systems. In Proc. VLDB'98.

A. K. Jain and R. C. Dubes. Algorithms for ClustegrData. Printice Hall, 1988.

L. Kaufman and P. J. Rousseeuw. Finding Groupsaitalan Introduction to
Cluster Analysis. John Wiley & Sons, 1990.

G. J. McLachlan and K.E. Bkasford. Mixture Modéfgerence and Applications to
Clustering. John Wiley and Sons, 1988.

P. Michaud. Clustering techniques. Future Generdfiomputer systems, 13, 1997.

R. Ng and J. Han. Efficient and effective clustgnmethod for spatial data mining.
VLDB'94.

24/07/06 wn3nd 24




